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ABSTRACT 

 
ARTICLE INFO 

Social networks have been recently employed as a source of information for event 

detection with particular reference to road traffic congestion and car accidents. 

Netizens these days are getting more and more active regarding their everyday 

activity. Somehow their addiction can result in more productive application. One such 

is regarding Sedan drivers posting every minute detail of traffic and route. In this 

project, user gets public traffic tweets from Twitter. Apply tokenize, remove stop 

words and apply stemming to tweet. Detect the causes on that tweet based on Words 

that are stored into database. User logs in via android application, User can search 

path (Ex-Katraj to Wakad). Web portal gets array of latitude and longitude and sends 

return to traffic between that array with causes. Alternate path displayed with traffic. 
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I. INTRODUCTION 

 

A few years ago information about events of any kind 

came almost exclusively from specialized information. 

With the increase of social networks’ usage, information 

has become more decentralized; as each user become a 

consumer/provider of information. This paradigm 

becomes relevant when it is crucial to disseminate 

information in real-time about an event. A good example 

where social networks had a great impact in disseminating 

events in real-time and namely for disaster relief, was by 

the time of the Haiti earthquake in January 2010, when 

posts to Facebook, Flickr, YouTube and Twitter were 

numerous [1]. Research revealed that those messages sent 

during the Haiti earthquake that were considered 

“actionable” and more useful than the others were 

generally the ones that included locations [2]. Moreover, 

Twitterers themselves are more likely to pass along, or re-

tweet, messages that include geo-location and situational 

updates [3], indicating that Twitterers find such messages 

important. Location estimation using the content in social 

networks has its own challenges, namely the uncontrolled 

and the limited content, are two important drawbacks. In 

fact, one of the most important limitations in extracting 

useful information from a tweet is its 140-character limit. 

Additionally, users can make spelling mistakes, and use 

varying conventions and abbreviations; the quality of 

content is not as good as in news articles. In addition to 

the credibility of the content, the credibility of user 

profiles and their geo-references are questionable as well. 

Not all users have to provide their GPS locations, or their 

city of residence in their profiles. As a result, the most 

obvious problem is uncertainty and the lack of rich and 

reliable data. Moreover, tweet density depends heavily on 

the population and Twitter usage in a region. That means, 

if an event occurs in a small town, the number of 

Twitterers posting tweets about that event would be 

considerably lower than the number of users if the event 

would have occurred in a huge capital. Especially, once 

an event is broadcasted on the mediaor shared among 

people via phone calls or Internet, people from anywhere 

can post a tweet about it, making the location center more 

obscure to detect. Therefore, a practical problem to solve 

is how to normalize these tweets according to the user 

density of the area, and obtain a fair result to compare and 

evaluate tweets from different locations. In the scope of 
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this work, we focus on the analysis and detection of 

traffic events, where information disseminated by social 

networks can have an important role. Social networks can 

be seen as a mechanism which allows the detection of 

very small events, such as a damaged car in a side street. 

In addition to that, the interval between the occurrence of 

a traffic incident and the publication of a tweet about such 

incident usually tends to be much less, when compared to 

the time required for a news agency to broadcast about 

such particular event. Extracting useful information from 

tweets presents some challenges, as described by the 

authors in [4] and [5]. Taking into account that the 

information is completely unstructured, tweets can 

contain grammatical errors and abbreviations. Each user 

has its own style of writing, the information can be 

incomplete (e.g. a street name with no more information 

about city, etc.), false or not credible. More specifically, 

and to what this work is concerned, determining 

geographic interpretations for place names, or toponyms, 

involves resolving multiple types of ambiguity. From our 

point of view, and considering traffic related tweets, the 

relevance of a tweet message is directly proportional with 

the number of similar tweets posted by others in a short 

period of time. Moreover, in order to automatically 

recognize the relevance of tweet message for the purpose 

of detecting traffic events is a challenging task (e.g. the 

tweet “Excessive speed is the main cause of car accidents 

in Liverpool” is not relevant for the purpose of the work 

to be addressed here, but it can be considered as a traffic 

related tweet). social networks have been recently 

employed as a source of information for event detection 

with particular reference to road traffic congestion and car 

accidents. Netizens these days are getting more and more 

active regarding their everyday activity. Somehow their 

addiction can result in more productive application. One 

such is regarding Sedan drivers posting every minute 

detail of traffic and route. In this project, user gets public 

traffic tweets from Twitter. Apply tokenize, remove stop 

words and apply stemming to tweet. Detect the causes on 

that tweet based on Words that are stored into database. 

User logs in via android application, User can search 

path .Web portal gets array of latitude and longitude and 

sends return to traffic between that array with causes. 

Alternate path displayed with traffic. The traffic detection 

system was employed for real-time monitoring of several 

areas of the Italian road network, allowing for detection of 

traffic events almost in real time, often before online 

traffic news web sites. Twitter users to external attack 

servers. To cope with malicious tweets, several Twitter 

spam detection schemes have been proposed. These 

schemes can be classified into account feature-based, 

relation feature-based, and message feature based 

schemes. 

II. LITERATURE  SURVEY 

 

This system is generally based on get Public traffic tweets 

from twitter and Apply tokenization, remove stop words 

and apply stemming to a particular tweet. We have 

maintained lists of causes (eg. Accidents, Traffic Jams, 

Vehicle breakdowns, etc.) Twitter is, in nature, a good 

resource for detecting events in real-time. The real-time 

detection capability allows obtaining reliable information 

about traffic events in a very short time, often before 

online news web sites and local newspapers. 

III. PROBLEM STATEMENT 

 
The developed system was installed and tested for the 

real-time monitoring of several areas of the road network. 

It means of the analysis of the Twitter stream coming 

from those areas. The goal is to perform a continuous 

monitoring of frequently busy roads and highways in 

order to detect possible traffic events in real-time or even 

in advance with respect to the traditional news media 

IV. PROPOSED SYSTEM 

 
We have proposed a system for real-time detection of 

traffic-related events from Twitter stream analysis. The 

system is also able to discriminate if a traffic event is due 

to an external cause, such as football match, procession 

and manifestation, or not. Web portal gets array of 

latitude and longitude and sends return to traffic between 

that array with causes. Alternate path displayed with 

traffic. Our traffic detection system based on Twitter 

streams analysis is presented .and it detects the traffic 

events in real-time. Also Web part gets array of latitude 

and longitude of searched path and then the latitude and 

longitude of the traffic is compared with searched path 

with their causes. After comparing the longitude and 

latitude having traffic, it is displayed on the maps of 

Android device. Haversine method used to calculate 

distance between two latitude-longitude pairs, 

Triangulation for getting GPS Location. 

 

 
Fig 1. proposed system architecture 
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V. IMPLEMENTATION 

 
Social networks have been recently employed as a source 

of information for event detection with particular 

reference to road traffic congestion and car accidents. 

Netizens these days are getting more and more active 

regarding their everyday activity. Somehow their 

addiction can result in more productive application. One 

such is regarding Sedan drivers posting every minute 

detail of traffic and route. In this project, user gets public 

traffic tweets from Twitter. Apply tokenize, remove stop 

words and apply stemming to tweet. Detect the causes on 

that tweet based on Words that are stored into database. 

User logs in via android application, User can search path 

.Web portal gets array of latitude and longitude and sends 

return to traffic between that array with causes. Alternate 

path displayed with traffic. The traffic detection system 

was employed for real-time monitoring of several areas of 

the Italian road network, allowing for detection of traffic 

events almost in real time, often before online traffic news 

web sites. Twitter users to external attack servers. To 

cope with malicious tweets, several Twitter spam 

detection schemes have been proposed. These schemes 

can be classified into account feature-based, relation 

feature-based, and message feature based schemes. 

 

Functionality : 

 

Web Part- 

 

1)Get Public traffic tweets from twitter. 

 

2)Apply tokenization, remove stop words and apply      

stemming to a particular tweet. 

 

3)We have maintained lists of causes (eg. Accidents, 

Traffic, Jams, Vehicle breakdowns, etc.) and we check 

these causes in that particular tweet. 

 

4)Tweets and their causes are stored into database. 

 

5)Web part gets array of latitude and longitude of 

searched path and then the latitude and longitude of the 

traffic is compared with searched path with their causes. 

 

6) After comparing the longitude and latitude having 

traffic, it is displayed on the maps of Android device.   

 

Android Part- 

 

1)Login and registration of user. 

 

2)User can search path (Ex- Katraj to Wakad) and they 

can see traffic on that way. 

 

3)And user can select the alternate path. 

 

 

 

VI. EXPERIMENTAL RESULTS 
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VII. CONCLUSION. 

 

In this system we have proposed a system for real-time 

detection of traffic-related events from Twitter stream 

analysis and we have also maintained lists of causes (eg. 

Accidents, Traffic, Jams, Vehicle breakdowns, etc.). We 

check these causes in that particular tweet: Showing 

traffic tweet with causes and Showing traffic between two 

points 
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